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back propagate through last layer
compute gradient of SL w r t
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finally for the biases we get a
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gradient descent update rule
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We need to choose anactivationfunctionsClever choice allows to compute
derivative 01 exactly solely in termsof
already computed function values Here
we choose as an example thesigmoid
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Fit
By including biases into
the simple Boolean function

learning NN aint generaliring

back propagation based

gradient descent to
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using raudoucizedmini batching
this NN can learn handwritten

digits 0 9 from the NINET

image dataset at 95

recognition accuracy if the
NN has 1 hidden layer with
30 neurons densely connected


