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 Deep-sets to perform reconstruction and classification
of signal and background simultaneously
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Humble beginnings...
Current Work
- Continue with b-tagging performance

- Extending the flavour classification with latest
b-tagger GN2

- BSM 4Top analysis

- Study the underlying dynamics of electroweak
symmetry breaking and possible connections
to dark matter

- Work with the optimisations: top
reconstruction with GNN
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